
Explore More Guidance: A Task-aware Instruction Network for 
Sign Language Translation Enhanced with Data Augmentation

Introduction Challenges

Task definition:
• Sign language recognition and translation first uses a 

recognition module to generate glosses from sign 
language videos and then employs a translation module 
to translate glosses into spoken sentences. 

Contribution:
• We present a novel TIN-SLT 

network. 
• A learning-based feature fusion 

strategy is proposed.
• A mult i- level augmentation 

scheme is designed.
• SOTA Results are obtained.

• In our work, we focus on sign 
language translation (SLT).

Challenge 1: Limited annotated corpus
• The data resources of sign languages are scarce, thus 

the SLT models often suffer from overfitting with poor 
generalization. 

Challenge 2: Discrepancy between glosses and texts

• The representation space of sign glosses is clearly 
smaller than that of the target spoken language, thus 
increasing the difficulty of network learning.

Method

 Sign language recognition

 Multi-level data augmentation scheme

 Task-aware instruction network

• We empirically adopt the spatial-temporal multi-cue 
(STMC) network  to recognize sign language videos to 
independent glosses.

• Token Level

• Sentence Level

• Dataset Level

• Encoder . Given the recognized glosses, we fuse 
instruction features encoded by the the pre-trained 
model (PTM).

• Decoder. The hidden states are passed to a masked 
self-attention and then generate gloss into spoken 
sentence.

• Learning-based feature fusion. 

Experimental Results

 TIN-SLT achieves the highest scores on most 
evaluation metrics with a significant margin.

 Performance comparison of different feature fusion 
strategies, and other hyper-parameters.

 Analysis on major network components. 

• Table 3 proves that data augmentation can improve 
performance and our full model achieves the best 
performance.

 Case Study

• Table 5 presents an intuit ive case on ASLG. The 
translation quality is good, even the translated texts with 
low BLEU-4 still convey  valid information.
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